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Optimizing Heterogeneous Resources for Open IoT Era
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Cloud layer:

- optimize cloud resource
size and location
- Offload specific
processing to GPU or FPGA
Network layer:
- Proper allocation of analyzing
functions of edges.

- Network config for each service
(e.g. bandwidth reservation)

3 layer optimizations
where to place functions

~J Device layer:

- change appropriate
devices for users.

- Proper allocation of
analyzing functions on GWs

2 Three layer optimizations
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