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Evaluation of reconfiguration step on operation for environment adaptive software

Yoji Yamato®, Non-member

We have proposed environment-adaptive software that automatically converts normal code according to the envi-

ronment and enables high-performance operation. In this paper, we study the overall processing performed for re-

configuration during operation, and newly propose resource amount reconfiguration, measure the processing time for

reconfiguration during operation, and discuss reconfiguration timings.
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